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What's Driving the Data
Revolution?

@ People

@ Industry Boundaries

@ [echnology




Digital Transformation Trends for 2019

Leadership

Workers

Digital Change RAR
Agents

Open Digital
Ecosystem

Digital Systems

Data Foundation

Top Business Trends
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CEO leading Digital education and Better integration of
digital transformation skill building of workers digital initiatives
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Digital reguiation Improved leadership Scaling digital change
as headwind communication more sustainably
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Top Tech Trends
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Strong enterprise Investment to Refining and updating
data foundation reduce technical debt cloud strategy
Delivering on CX Adopting emerging Betting on analytics
faster and better tech even faster to the highest degree



The Fourth Industrial
Revolution

1st Industrial
Revolution

Intelligence

1784 1870 1969 TODAY



Homo Homo Homo Homo Homo
Apriorius Pragmaticus Frequentisus Sapiens Bayesianis



AUTOMATION
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WNASA scientists with their board of calculations, 196671



Evolution of Internet of
things

Pra-lnternat Internet of Internet of ) Internet of )
CONTENT SERVICES PEOPLE
“Human to “WWW" “Web 2.0 “Social Media” “Machine to
human” Machine”
Fixed & mobile Email E-productivity Facebook Identification, tracking,
telephony monitoring, metering...
Information E-commerce Skype
SMS Semantically structured
Entertainment Twitter and shared data...
YouTube
+ Smart + Smart + Smart + Smart + Smart
Networks IT Platforms Phones & Devices, objects Data & ambient

& services Applications & tags context



Operating as a
“data service provider”

Self-serve data
Collaboration and Data & m
asialservice

sharing analytics
across the enterprise
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Leveraging discrete
LOB use cases

Structured and
unstructured analysis

Predictive analytics
applied to Big Data

Thinking about it

Initial Big Data environment
in place

Proof-0f-Concept / Pilot
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LEVEL 5

LEVEL 4

LEVEL 3
BUSINESS!
Adoption

Technical

LEVEL 1

LeveraFini; USe Cases

for multiple LOBs

Integrated metadata, quality, and
governance across Big Data

Predictive insights integrated
into business operations
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Using Big Data mostly
for storage/transform

Usage primarily by IT

Some Big Data
exploratory analytics







Digital Transformation Requirements

Culture Strategy

Embrace Change [ Adaptive e
Collaborative # ® (Clearly Defined Vision

® Business Outcomes / Goals
STRATEGY ® Digital Strategy

® Decision Frameworks

Executive Buy-ine

Strong Digital Fluencye
Cross-functional Teams vs. Silose
Risk-Friendly ® ® Optimized Governance

Continuously Measure & Improve ® ® Big Change vs. Discrete Solutions

e Ability to Digitally Re-imagine

Technology Cloud ®
Capabilities &
Processes

APl-basede
Automation® TECHNOLOGY
Continuous Integration & Deliverye

Service Oriented Architecture
Analytics @

Social®

Mobile®




Senior
OfTicer

Specialist

O perarion
Manager




CHIEF IDEA KILLER

VP OF STATUS VP OF STAY THE

VECHES QUO COURSE

| | | |

DIRECTOR OF DIRECTOR OF
ONEROUS DIRECTOR OF DIRECTOR OF ANALYSIS

REPORTING BURE e RICIBI PARALYSIS

MANAGER OF
NEW GROWTH
IDEAS

(VACANT)



NEW SKILLS FOR A NEW ERA
To become a digital leader, organizations must develop digital business
agility, which combines hyperawareness, informed decision making,

and fast execution:

Informed
Decision Making

Hyperawa reness

DIGITAL
BUSINESS
AGILITY

Disconnected

Fast Follower

Fast Execution



HUMAN DECISION MAKING
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This 5 hem a decision maker places

ThAP: Oreater weightorvalue on whal
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This s are retrospectve costs thal have already
TRAP: been Incurred and camnot berecovered
Consequently, sunk costs should notfactor nto
going foward decisions, and should e
Ignored as i hey never happened

This s the tendency o mterpret evdence as
(onfrmation of one's exising elefs o heoris.
(onfirmation Bases Impacthow people
(alher, interprel and recal
Iformaion




FIGURE 2

The Digital Transformation Platform

Source: IDC, 2018
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| am aware of
the analytics
capability
stand up

AWARENESS

| understand how
the change
contributes to the
analytics vision
and how it
Impacts me

UNDERSTANDING

| am open-minded
to the change and
tell others how it
contributes to the
analytics vision

ACCEPTANCE

| am accountable for
participating in the
analytics capability

ADOPTION

OWNERSHIP *

| confidently
share the successes
related to the analytics
capability stand up. |
am committed to
sustaining the change
and can clearly explain
how it relates to the
analytics vision
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CHIEF DATA
SCIENTIST

Aottt

DATA SCIENCE TEAMS DATA SCIENCE
TEAMS

Data science teams are fully embedded in business
units and report to individual business unit leaders.

Data science teams are overseen by a chief data
scientist and forward deploy to business units.
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Thank You




